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Introduction

Insolvencies

Insolvency filings in the Czech Republic
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Insolvency filings in Central Europe

Introduction

Insolvencies
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Insolvency filings in Western Europe

Introduction

Insolvencies
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Introduction

Insolvencies
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Insolvency filings in the United States
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Mining the Czech Insolvency

Proceedings Data (structured data)

Data Preparation

11



16

Data Preparation

Preliminary data analysis
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Age distribution of debtors

Typical debtor: male in 
his forties 

Time spent in one state 
affects the following 
transitions
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Data Preparation

Preliminary data analysis
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Unemployment rates Insolvency filings rates Unemployment (%)

11.4

8.26

5.12

Insolvencies (%)

1.66

1.18

0.71
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Proceedings Data

Data Mining
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Mining the Insolvency Proceedings Data

Used Methods
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Ừ Bayesian networks

Ừ Association rule mining

Ừ Social network analysis

ƺ prominence and role analysis

ƺ community discovery

Ins Items

1 Natural Person, Female, Discharge

2 Company, Bankruptcy Order

3 Natural Person, Female, Discharge

4 Natural Person, Male, Bankruptcy 

Order

Association rule mining:

r = {Natural Person, Female} {Discharge}

support(r) = 2/4 = 0.5 

confidence(r) = 2 / 2 = 1.0



Mining the Insolvency Proceedings Data

State transitions analysis
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Mining the Insolvency Proceedings Data

State transitions analysis
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payment 

calendar

liquidation 

of assets

start
Original transition model:
Ừ 14 nodes, 42 directed edges

Ừ most nodes are used very 

rarely and contain redundant 

information

Simplified transition model:
Ừ 5 nodes, 12 directed edges

Ừ covers 99% of all insolvencies
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State transitions analysis

Bayesian networks (1)
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Ừ discharge is the most used 

method of resolution

Ừ 41% of all discharges were 

not successful

Ừ less than 5% of insolvencies 

start over once they are 

finished
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State transitions analysis

Association rule mining
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Ừ different decision-making on bankruptcy in each 

region:

Region Bankruptcy prob. 

Kr§lov®hradeckĨ87 %

PardubickĨ 84 %

Zl²nskĨ 61 %

JihomoravskĨ 55 %

Likely causes
ƀ different interpretation of the Insolvency Act
ƀ regional specifics
ƀ abuse of the insolvency law
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Mining the Insolvency Proceedings Data

Social network analysis
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Ừnodes:

ƺ debtors

ƺ creditors

ƺ insolvency administrators

Ừ relations:

ƺ debtor owes a creditor

ƺ administrator manages the insolvency of a debtor

ƺ debtor shares his address with a different debtor


